The fundamental requirement of 
. e By examining the probability of responses along a presumed latent trait measuring an attitude, Thurstone (1959) differentiated between two types of attitude scales: (1) th~ maximum probability type in which the response value is the most discriminative at a certain location along the continuum of the trait and (2) the increasing probability type in which the response value varies monotonically along the continuum of the trait marked with category response thresholds. The Downloaded from the Digital Conservancy at the University of Minnesota, http://purl.umn.edu/93227. May be reproduced with no cost by students and faculty for academic use. Non-academic reproduction requires payment of royalties through the Copyright Clearance Center, http://www.copyright.com/ categories and is of the increasing probability type. Andrich (1989) (Cheung, 1990 (Cheung, , 1991 Spearritt, 1982) . Developed from the Rasch model of dichotomous responses (Rasch, 1960; Wright & Stone, 1979) , both the RSM (Andrich, 1978; Masters, 19~09.M&reg; ~i ~ Cheung, 1990; Wright & Masters, 1982) and the partial credit model (Andrich, 1988; Loh & Cheung, 1991; Masters, 1982; Masters & Wilson, 1989; Masters & Wright, 1984; Wright & Masters, 1982) (Andrich, 1988; Andrich & Schoubroeck, 1989; Lina~re, 1990 (Andrich, 1978 (Andrich, , 1988 Masters, 1982) relaxes the condition that each statement should conform to a common response scale. Douglas (1982) Likert (1932) empirically demonstrated the adequacy of integer scoring of the ordered response categories. Andrich (1982) (Nishisato, 1980, p. 68 (Nishisato & Nishisato, 1986) Figure 2a shows the probabilities of response to each of the six response categories for a given fl relative to the scale value of each of the items (i.e., ?~ -8i). The intersections of the category probability functions are the set of transitional thresholds between adjacent response categories (~.e.9 ~,9 l2' ..., 9 t5). Figure 2b shows the regions of most probable responses of each of the items. The regions are depicted to show the relative position of the item scale value (i.e.9 ~;) and the common set of transitional thresholds across all items (i.e.9 ~X). The distribution of trait values of the respondents also is shown in Figure 2b . Figure 2b) .
Viewed from the perspective of dual scaling, a possible explanation for category reversals (or overlap) of ci and C2 is that the frequency pattern of ci across the items is more similar than that of C2 to those of C3 to C6 (at least as it is captured on Dimension 1). This is because dual scaling is based on similarities of frequency patterns simultaneously among rows and columns. However, a fundamental requirement of any modeling procedure that seeks to examine underlying response structure is that there is sys- The results from a constrained version of dual scaling, which takes into account the incorrectly Table 3 Input Data Matrix for Dual Scaling Solutions 2 and 3 Based on 1!~ = 240 and 11 Statements ordered response categories using the method of successive data modification (Nishisato, 1980, pp. 164-171) are presented in Table 4 (Solution 3). The unconstrained results of Dimension 1 shown in Figure 1 also are shown in Table 4 (Solution 1). SEs of the optimal weights using the jackknife procedure on 24 subsamples based on the class clusters of the junior college also are provided (see Keeves & Cheung, 1990 , for a rationale of the jackknife procedure).
With reference to the results in Tables 2, 3 Figure  2~~ o Consideration 2.
Because more respondents endorsed C2 than C5 (see Table 3 ), the entire profile of the probability distribution of C2 was elevated; however, those of C5 decreased (see the functions for C2 and C5 in Figure 2a ). The consequence was that there was a wider region of affectivity end&reg;rsing C2 and a narrower region endorsing C5 (Regions 2 and 5, Figure 2b) 
